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Cardiac MRI-3 modalities: Brain MRI-4 modalities:

Energy model-based aggregation prototype
explicitly gquantifies aggregation from the inter-
dependencies and information flow

EXperiment51 We evaluate EZPA on various multi-modality MRI scenarios, including: cardiac pathology segmentation (MyoPS dataset), brain tumor

segmentation (BraTS2021 dataset), and detection of anterior cruciate ligament tears (MRNet dataset).
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Enhance Data details: The details of multi-modality MRI scenarios. Result 3: Evaluations on MRNet dataset.
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